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Self-Attention. Scaled Dot-Product Attention.
.Transformer Source Target Attention. Masked Attention.
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GAN BAHBGAN E—REFE (mode collapse). Wasserstein GAN. DCGAN
ZMHIEGAN Conditional GAN. CycleGAN
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Self-Training. Co-Training. Contrastive learning
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Uncertainty Sampling. Least Confident.
Representative Sampling
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3YSTINCLBLEE Triplet loss. Triplet network
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Local Model. Global Model
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