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(2) wR-#t
. TR, FIRRER, SRR, [EDRR,
— R 5=
Bt s AR WK B, TSRS, HHASIE. AL, 3
RIVE—A57R- BB RVE—AET. ZIEHFR. HF TN
HIZS - t7R SEEHIADTR, ORIRERE
) o o RAZEN, FA—TRAZ, T2, LA,
B ) —JHETE . .
il BEEET BB/ 5X-THETE SANN-STOR, BAMETE. MAPKTE . AA I
(3) 1E®ER
BCIERR. HEIEERR. I -
i BRI SEEFETYNOE—, AT MO —, J0RI>NIE-.
KA\ =S 1R, ISHAIN—-S 1R
(1) HRsEORR
i SR, KOS - AR kd-tree, YANSEAS
—— Y4 VBERE. 1—7\y REERE. ¥/ \v9>/EERE, LpiEkt.
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Random Forest, A#EJ—XF1>%

S3EEA-EBIIEA. CART. Ginifr#l. 7>9>7J)b.
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Vi BETRUFBO RTEHE

ERD I, BF5E, SNE, Crowding Problem.
t-SNE
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k-means. BEEHIIZZRAU>Y . 7> ROJS A,
UA— &, BEFSE
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X NRFEES HiRT -5 - 1REET—5 - TANT =4 FliRERE=. b=
TEAREE R=IVRPINE, k-DEIRZZEREEE
1Ef#SR (Accuracy). & (Precision). BIRZ(Recall).
FfE, ROCEH#R, AUC. Intersection-over-Union (IoU).
xi MEREIEIR mean Average Precision(mAP).
Z)3AFOFHIEIEE (micro¥td/macroFd) |
RMSE/MSE. MAE. ;E[E175!
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iii SEMECEIER > E4 REGEK SREN\SX—4, AFHEK
RelLU, Leaky RelLU GELU
tanh FRARHRBIEX
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i EARWRTITUZ L RN AEETE (SGD) FBR, KRR TE D)\ F
R Pathological Curvature. Momentum.
AL Nesterov Accelerated Gradient
il FREWGIEL SREWLIEE EIHER. RIS LBTIV. DBCHEK
BBy St8I30
iii ISR FEEREFF DT TV AdaGrad. RMSProp. Adam
iv .U A—=AD YA LBk R XavieriZ/GlorotiE. KaimingiZk/Hesxk
(3) FEETINORHOERNL
i INIA=HIIWLRFITA— L1IEBIME, Z)C—-2AKR. L2IERIME. weight decay
i FERAHIBR ROYF7YR, ROYTIRI N
iii .F2EYIERIL BHIRT . NwFH4( X, FBROFAEE
(4) EH#AH=1-3N1ryRI-H
HiR AL MR HRRD ., 2BEF (receptive field) .
i BHAHZ1-IRYRI- BEAXRNREHAHEER YT TV A=V T2 ARSA R, im2col.
FrrI
point-wiseB#HA# (1x1BHAH) .
RIREHAH depth-wiseB#iAds. J)L—T{LBHAH,
PYIYS T EEBR A
T-u>y Max pooling. Lp pooling. Global Average Pooling
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WnDETE (Back Propagation Through Time; BPTT) .
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T HEAOIRR

BHROT — 53R

i J— N - N
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I>a-4-71-4. seqgence-to-sequence (seq2seq) .
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iii . RHIZE oAy GER) tiE
Self-Attention. Scaled Dot-Product Attention.
i .Transformer Source Target Attention. Masked Attention.

Multi-Head Attention. Positional Encoding

J1ZXf35 (Gaussian Filter) .
Rnadom Flip-Erase-Crop-Contrast-Brightness-Rotate.
RandAugument. MixUp

BHARSEOT LR

EDA. MixUp

BEOT YRR

JAZ{35 (Gaussian Noise) . RU1—AZE, EvFS I,
MixUp. SpecAugment

AEARE

Batch Normalization. Layer Normalization.
Instance Normalization. Group Normalization

TUYYINFE

NFEIY T=2F1>4 T-hANSYT 299329

v\ U= UTA—=IDIEIR

4. FEFEOA

i .ResNet, WideResNet

BRI A= )\SA- 5%

FBE BB (L1V-[E%). 1=y,
ROYT 7o hOEIE, NyFHA X, IEAUCLIEDFRER

I =)\SX—HDEREL

JUyRY—F SUHLG—F, "M TRBEL

TR (skip-connection) . ARMLRYIIEIE.
Residual Block

ii .Vision Transformer

.FasterR-CNN, MaskR-CNN

CLS token. Position embedding

Bounding Box. mAP, ROL. end-to-end. 227 —J#&H.
Selective Search. Fast R-CNN.

Region Proposal Network (RPN). Anchor box. 7>h—.
ROI Pooling, ROI Align, 1>ZA9>AEIA>T—33>

12T =R, TIAIMRYIR,

.WordEmbedding

i .YOLO, SSD . R e
" Non-Maximum Suppression (NMS). /\—RFAT1TI1=>
7>Hh=JYU— (Anchor-Free) .
iii .FCOS Feature Pyramid Network (FPN) .
t2>49—%X (Center-ness) . 7>E+17ZH> )L
W 23,3, T ~ SH AN S ST —3,9
i .FCN, U-Net AFYTIRI232 PTG TV ADRIDRCT AT =23,

N TF199t X>F—23> (Panoptic Segmentation)

BIENER(>T+3>4 (LSI) . Word2vec. n-gram.
skip gram. CBOW. #HF4TH> U9

Masked Language Modeling(MLM).
Next Sentence Prediction(NSP). BaT#2.

BTV BRI -UIZEH, AVRE

i .BERT X

" J7p4>F1—=>7. positional embeddings.
segment embeddings

il GPT-n BT ). Few Shot learning. Zero Shot learning.

Prompt Base Learning

YY) ERR, B, SR NERE, SERER T - TR,
BRI -UIZHE, S TANS A XA DI 5 MFCC

SE4Ak (Text-to-Speech) .

ii .WaveNet Dilated Causal Convolution. GTU (Gated tanh unit) .
Residual Block, Skip Connection

ji .CTC End-to-EndEF L. E—LY—F. FiEE - &3mE7INIVZL

i GBIETIVEERETIV SAIETIV . ERETIV. IERET L. JO-R—2ERRETIV

i A-RI>O-4 A-hI>3-4 Denoising autoencoder
VAE VAE. Reparameterization Trick. Z43 TR

HERREERY N2, SBIER Ry ND—4,
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i GAN BAHIBCAN E—REFE (mode collapse). Wasserstein GAN, DCGAN
SZAHTEGAN Conditional GAN. CycleGAN

i FEBREEZE0ETIV DQN 1TENMEERSER. TDFE. Q¥ &. Experience replay
A3C HERAESE (Policy Gradient) . Actor-Criticik
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TPA>F1—=2% . RA1>3E)5 (domain adaptation).
B> TN
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Self-Training. Co-Training. Contrastive learning

iii .BEEIFE (Active Learning)

Uncertainty Sampling. Least Confident.
Representative Sampling

iv.BEB#¥E (Metric Learning) 2H > TN L B LR FIRFY, Siamese network. contrastive loss
3YSTINCLBLEE Triplet loss. Triplet network
v . A9%8 (Meta Learning) WEMEDIES MAML. Model-Agnostic, *7B#IE#1 (meta-objective)
| SR ETEA XAI (eXplainable AI). CAM (Class Activation Map).
Grad-CAM
o JEFRBVIAARFR. KIAYRARFR. LIME. SHAP. ShapleyValue.
v
i ETILOIEA s — [ IBE
o o TySAE 17425, I0TF /A T—=24 (BMID)
P ETNORR Z B (Distillation). £F1t (Quantization)
i A5 BRI DEREFE. TTIIATHE, 755

i ESFE (Federated learning)
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JORTINARFE, JOAB(0FE. Federated Averaging.
Local Model. Global Model

BEH—mH5I#E457—4 (SIMD; Single Instruction Multiple Data).
H—aDEEXLYR (SIMT; Single Instruction Multiple Thread).
EEHDTELT -4 (MIMD; Multiple Instruction Multiple Data).
GPU (Graphics Processing Unit).

TPU (Tensor Processing Unit)

RABMLIRIE ., RANRY, )\()\—)\( -8, J>FF8Y, Docker.
Dockerfile
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